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Abstract

The DevOps movement has provided a widely adopted conceptual framework for software delivery,
emphasizing continuous feedback, reduced batch size, and rapid recovery from failure. At the same time,
the industry’s dominant performance vocabulary, especially the DORA metrics, has encouraged increas-
ingly quantitative descriptions of delivery systems. What remains less formalized is the extent to which
such systems are shaped not only by technical constraints, but also by organizational volatility, uneven
competence, and human coordination failure. This paper proposes an intentionally unified model of De-
vOps/SRE dynamics that combines the Infinity Loop lifecycle, canonical delivery metrics, technical debt
accumulation, and selected socio-managerial perturbation terms into a single systems-oriented frame-
work. While the model is not offered as a predictive instrument in the strict scientific sense, it serves
as a useful formal vocabulary for describing the trajectory by which software organizations move from
local efficiency to systemic instability, and occasionally into theoretical frameworks that retrospectively
formalize the transition.

Keywords: SRE, DevOps, DORA, Infinity Loop, Simple Math, Calculus, Grand Unified, Metrics,
Entropy, Organizational Volatility, Competence Mismatch, MTTR, Compounding Drag

1 Introduction
Modern software engineering has largely replaced linear "waterfall" delivery models with iterative, feedback-
driven cycles in which planning, implementation, deployment, operation, and observation are tightly coupled.
This shift is reflected both in the popular DevOps "Infinity Loop" and in the growing use of operational
performance metrics such as Deployment Frequency (DF ), Lead Time for Changes (LT ), Change Failure
Rate (CFR), and Mean Time to Restore Service (MTTR). Together, these constructs provide a practical
language for reasoning about software delivery as a dynamic system rather than a one-way pipeline.

Yet most such formulations remain incomplete. They capture throughput, latency, and reliability, but
tend to treat organizational dysfunction as either anecdotal or exogenous, as though it were somehow ex-
ternal to the organizations repeatedly producing it. Such software factories are also shaped by accumulated
technical debt, fluctuating managerial pressure, uneven competence distribution, coordination overhead, and
the recurring tendency of institutions to substitute visible activity for actual progress. This paper addresses
the incompleteness by making it formally rigorous instead.

This paper develops a deliberately unified conceptual model of DevOps/SRE dynamics. It begins with
standard formulations of the delivery loop and DORA-style performance measurement, then extends them
by incorporating technical debt and selected human-organizational variables. The aim is not to produce
a physically rigorous law of software delivery, but to provide a more complete descriptive framework for
reasoning about how engineering organizations accelerate, destabilize, stall, and occasionally recover.

2 Modeling the DevOps Loop

2.1 The Operational Model
The DevOps lifecycle is commonly represented as a continuous directed loop consisting of eight stages:



Plan → Code → Build → Test → Release → Deploy → Operate → Monitor

The loop is closed by the return of operational observations to the planning phase, which we denote
abstractly as a feedback function F :

F (Monitor) → Plan

This representation is useful because it frames software delivery not as a finite project sequence, but as
a recurring control process. The output of the operational phase informs subsequent development decisions,
making the system interpretable as a discrete-event dynamic system with feedback. Under ideal conditions,
this feedback is stabilizing: production signals improve future planning, reduce uncertainty, and increase
delivery quality over time.

That idealization is useful, but incomplete. It assumes that signals are observed accurately, interpreted
competently, and acted upon in ways that improve the overall system rather than merely increasing local
activity or managerial confidence.

2.2 The Quantitative Baseline (“The Simple Math of DevOps”)
Reid’s “The Simple Math of DevOps” begins with a deliberately simple additive formulation in which total
delivery time is represented as the sum of the durations of each major task in the delivery lifecycle.[1]

Tdelivery = Tplan + Tdesign + Tdevelop + Tbuild + Tdeploy + Ttest + Tfix + Trelease + Tevaluate (1)

As Reid then argues, however, software delivery is not governed by task duration alone. Because delivery
depends on human handoffs, the effective time to delivery is also constrained by trust in the validity of work
as it passes through the system.[1]

Accordingly, the baseline formulation may be refined as:

Tdelivery =
Tplan + Tdesign + Tdevelop + Tbuild + Tdeploy + Ttest + Tfix + Trelease + Tevaluate

TRUST
(2)

where 0 < TRUST ≤ 1 is a coarse measure of confidence in cross-stage handoffs. In the limiting case as
TRUST → 0, delivery time diverges; as TRUST → 1, delivery time approaches the lower bound imposed
by the tasks themselves.[1] The value of this formulation is not that it is complete, but that it provides a
baseline. It describes delivery as a serial composition of tasks and therefore makes visible a straightforward
optimization objective: reduce the time required for each component activity.

The Simple Math paper also makes the observation that low trust does not merely scale the equation
from outside; it materializes internally as additional review, rework, rollback, and coordination terms.[1] In
this sense, TRUST may be interpreted both as a global modifier of delivery time and as a latent causal
variable whose degradation generates new work within the delivery system itself, and as an early qualitative
proxy for several of the perturbation terms introduced later in this paper, including competence mismatch
(Cm), executive volatility (E), and urgency-induced instability (U).

A subsequent follow-up article, "The Calculus of DevOps," extends this line of reasoning by arguing that
both productivity and trust are inversely proportional to the number of dependencies in a release, while waste
scales with release size and yield scales with release frequency.[2] This provides a useful bridge from task-time
and trust-based formulations toward a more general account of delivery as a coupled socio-technical system
whose behavior is shaped by dependency structure, batch size, and organizational coordination overhead.

These papers are also useful for the present discussion because they already demonstrate a pattern this
paper will retain: an apparently sufficient delivery model becomes less sufficient as additional real-world
constraints are reintroduced, at which point the correct response is to introduce additional formalism.

2.3 The Performance Model
The most widely adopted operational indicators of software delivery performance are the four DORA metrics:

• Deployment Frequency (DF ): how often code is successfully released.



• Lead Time for Changes (LT ): the elapsed time from code change to production deployment.

• Change Failure Rate (CFR): the proportion of changes that result in degraded service, rollback,
or incident.

• Mean Time to Restore Service (MTTR): the average time required to recover normal operation
following failure.

Taken together, these metrics provide a compact operational description of throughput, latency, fragility,
and recovery. They are useful precisely because they compress a large amount of delivery behavior into a
small number of observables. They are limited for the same reason. In information-theoretic terms, this
represents a deliberate rate-distortion tradeoff: organizational complexity is reduced to four scalar metrics at
the cost of discarding unmeasured dimensions—morale, competence distribution, strategic coherence—which
are assumed to contribute negligibly to the reconstruction error.

2.4 A Baseline Model Output Function
Let Pbase denote the gross realized output of a delivery system over a reporting interval containing n com-
pleted changes. A first-order interval model may be written as

Pbase =
DF (1− CFR)

LT +MTTR+ ϵ

n∑
i=1

Vi (3)

where:

• Vi is the realized business value of delivered change i,

• DF is deployment frequency over the interval,

• LT is lead time for changes,

• MTTR is mean time to restore service,

• CFR is change failure rate, and

• ϵ > 0 is a small regularization constant.

Here, the DORA variables are treated as interval-level observables, while
∑n

i=1 Vi denotes the aggregate
value delivered over the same reporting period. The expression is therefore intentionally coarse: it compresses
heterogeneous change behavior into a single interval-scale approximation.

This formulation captures an intuitively appealing idea: output rises with deployment cadence and
aggregate delivered value, but is diminished by slower delivery, longer recovery times, and greater change
fragility. As a descriptive approximation, it is serviceable. As a complete model, it fails almost immediately
under ordinary workplace conditions, in which ’ordinary’ denotes statistical prevalence rather than functional
normalcy.

3 Interpretation of the Baseline Model

3.1 Loop Frequency and Delivery Period
If one full traversal of the DevOps loop is treated as a single operational cycle, then deployment frequency
DF may be interpreted as the effective cycle frequency, while the aggregate stage duration defines its nominal
period. In this sense, the loop has a kinematic character: shorter cycles imply greater throughput, provided
that stability is not lost in the process. The model therefore distinguishes between apparent throughput and
realized value, as these are frequently only loosely coupled.



3.2 DORA Metrics as Efficiency Terms
Within this interpretation:

• DF and LT jointly describe throughput,

• CFR acts as a damping term on successful output,

• MTTR acts as an interruption penalty that reduces effective productive time.

A useful intuition is that a delivery loop may rotate quickly while still producing very little net value.
High motion is not identical to high output.

3.3 Work and Delivery Cost
The aggregate cost of one delivery cycle may be understood as the total expenditure of time, coordination,
compute, review effort, operational burden, and recovery work required to complete one effective rotation of
the loop. A mature delivery system therefore seeks not merely to increase rotational speed, but to reduce
the work required per successful cycle. This distinction matters because many systems can be induced to
exhibit high visible activity without a corresponding increase in effective output.

4 Limits of the Baseline Formulation
The baseline model is useful, but incomplete in at least two important ways.

First, it assumes that delivery efficiency is primarily constrained by operational variables that are directly
measurable. In practice, this is only partially true. Delivery systems are path-dependent: previous shortcuts
alter future cost structures, and unrepaid debt accumulates as a latent claim on future capacity.

Second, the model assumes that the organization surrounding the loop behaves as a mostly neutral sub-
strate. This assumption is harder to defend than it is to write down. Real software systems are developed
within institutions, and institutions introduce their own forcing terms: urgency campaigns, reporting dis-
tortions, coordination failures, competence gaps, managerial oscillation, and periodic attempts to accelerate
output by administrative decree.

Any expanded formulation that omits these effects remains formally elegant but descriptively thin–a
tradeoff that may be acceptable to those primarily responsible for the model formulation rather than the
deployment or operational phases. [3]

4.1 Technical Debt as a Compounding Drag Term
To incorporate technical debt, let TDR denote a Technical Debt Ratio representing the fraction of future
delivery capacity lost to historical shortcuts, rework, architectural brittleness, and maintenance burden.
Unlike a one-time penalty, TDR is best understood as a compounding drag term. It does not simply slow
the present loop; it alters the cost of future loops as well.

We further define a remediation rate R, representing the fraction of available capacity intentionally
directed toward debt reduction rather than immediate feature production. In the short term, higher R may
reduce visible throughput. In the longer term, it is treated here as the principal mechanism by which future
throughput remains possible at all.

This asymmetry is deliberate: organizations typically experience remediation first as a reduction in visible
throughput, and only later, if at all, as a reduction in accumulated drag.

5 Extended State Variables

5.1 Canonical Delivery Variables
The model retains the four DORA metrics as its principal delivery observables:

• DF — Deployment Frequency



• LT — Lead Time for Changes

• CFR — Change Failure Rate

• MTTR — Mean Time to Restore Service

In addition to these observed delivery variables, the model includes latent organizational variables defined
in Section 5.3, as well as an endogenous latent state variable with explicit dynamics, namely TDR.

5.2 Entropy and Recovery Terms
To account for system decay and repair, we introduce:

• TDR — Technical Debt Ratio, a compounding drag term on future delivery.

• R — Remediation Rate, the fraction of capacity diverted toward debt repayment and structural im-
provement.

5.3 Organizational Perturbation Terms
To represent non-technical but recurrently decisive influences, we define the following additional coefficients:

• M — Developer Morale Multiplier. A coarse factor representing the ratio between energizing work and
chronic toil. When M < 1, the system enters a degradation regime characterized by lower initiative,
reduced discretionary effort, and increased attrition risk.

• U — Management Urgency Coefficient. A scalar reflecting externally imposed schedule pressure.
Moderate values may temporarily increase visible activity; sustained high values tend to increase batch
risk, suppress remediation, and destabilize the loop.

• Cm — Competence Mismatch Term. A penalty term representing the degree to which assigned re-
sponsibility, authority, and actual capability are misaligned across the organization, often with full
procedural legitimacy.

• E — Executive Volatility. A measure of strategic oscillation: reprioritization, initiative churn, abrupt
process reversals, and other top-down disturbances that alter system direction faster than the system
can converge.1

These terms are not strictly independent. In practice, elevated E often increases U , prolonged U erodes M ,
and low Cm environments are unusually rare.

The model therefore distinguishes between directly observed delivery variables (DF , LT , CFR, MTTR),
latent organizational variables (M , U , Cm, E, R), and an endogenous latent state variable (TDR), the latter
included because it governs how present choices alter future delivery capacity.

6 A Conceptual Grand Unified Law of DevOps
We may now propose a more complete conceptual functional for realized delivery output over a time horizon
[0, t]. The purpose of this expression is descriptive rather than predictive: it combines observable delivery
variables with latent organizational attenuation terms into a single continuous-time accounting framework.

Preal(t) =
1

Z

∫ t

0

[
V (τ)DF (τ)M(τ)Ω(τ)

(
1−R(τ)

)
LT (τ) +MTTR(τ) + ϵ

] (
1− CFR(τ)

)U(τ)2

e−λTDR(τ) dτ (4)

with

Ω(τ) = exp(−αCm(τ)− βE(τ)) (5)
1Practitioners often recognize high-E and high-Cm environments without formal measurement, though typically in termi-

nology less suitable for publication.



• λ: technical debt sensitivity constant

• α: competence mismatch sensitivity constant

• β: executive volatility sensitivity constant

• ϵ: regularization constant preventing singular ideal-limit behavior

• Z: normalization constant

In this formulation, V (τ) denotes the instantaneous rate of realizable business value entering production,
while the remaining terms act as throughput, recovery, risk, remediation, and organizational attenuation
factors. The integral therefore represents accumulated realized output over time rather than an autonomous
law governing the evolution of the state variables themselves. The numerator captures gross productive
potential, scaled by deployment cadence, realized value, morale, and the proportion of capacity still allocated
to visible feature work. The denominator captures temporal friction in both delivery and recovery. The
urgency term is applied as an exponent on the successful-change factor (1 − CFR(τ)) in order to model
nonlinear sensitivity to fragility under pressure. This does not imply that urgency directly changes the
measured value of CFR at each instant; rather, it encodes the observation that a fixed failure rate becomes
more operationally costly as externally imposed urgency increases. The exponential form is used here not
as an empirically derived law, but as a smooth bounded attenuation model. It captures the intuition that
competence mismatch and executive volatility do not typically produce a single binary failure; instead,
they continuously reduce the fraction of nominal engineering effort that survives as coordinated system-
level output. In that sense, the model treats certain familiar organizational pathologies not as anecdotal
exceptions, but as regular losses within the system. This formulation is intentionally expansive. The resulting
formalism is broader, and certainly more orderly, than the phenomena it attempts to contain. A complete
systems account must acknowledge that some losses arise not from architecture, but from status competition,
misaligned incentives, and ordinary human mediocrity.

Long-horizon debt dynamics. A fuller long-horizon treatment requires explicit evolution equations for
latent state variables. In the present formulation, this is introduced minimally through the dynamics of
technical debt.

d

dt
TDR(t) = κ1U(t) + κ2DF (t) + κ3Cm(t)− κ4R(t) (6)

with TDR(t) ≥ 0 interpreted as a nonnegative organizational state rather than an unconstrained physical
quantity.

This makes explicit the asymmetry already implicit in the main functional: remediation reduces short-
horizon visible throughput, but improves long-horizon output by altering the future debt trajectory that
attenuates realized value.

Interpretation of attenuation terms. The exponential attenuation factors in the model are not pre-
sented as empirically calibrated laws. Rather, they are compact expressions of a practical systems observa-
tion: certain pathologies do not merely add delay, but reduce the effective productivity of the entire delivery
apparatus. Technical debt, competence mismatch, and executive volatility are therefore modeled as multi-
plicative decay terms rather than as simple additive penalties. In the limiting case where these terms vanish,
the system approaches its idealized throughput envelope. As they increase, realized output is progressively
damped, even if nominal activity remains high. The attenuation terms are admittedly more elegant than
the phenomena they represent.

The organizational coherence term. The factor Ω(τ) is introduced as a compact measure of organiza-
tional coherence. It aggregates two recurrent non-technical distortions: competence mismatch, represented
by Cm(τ), and executive volatility, represented by E(τ). The exponential form ensures that these distortions
act as smooth suppressors of realized output rather than as discontinuous binary failures. In practical terms,
Ω(τ) expresses the familiar observation that a technically capable system may still underperform when re-
sponsibility, authority, expertise, and strategic direction fail to remain aligned. Existing frameworks offer



no maintenance function for this alignment, implicitly assuming it persists without ongoing investment–an
assumption more characteristic of theoretical convenience than empirical observation.

The normalization constant Z is introduced to keep the expression dimensionally and rhetorically
manageable.

Proposition 1. Sustained deadline compression eventually transfers cost outside the reporting boundary.

Proposition 2. An increase in deployment-related activity does not, by itself, imply an increase in realized
delivery value.

Proposition 3. Where E and Cm are both elevated, additional coordination mechanisms may increase the
appearance of control while reducing system-level convergence.

6.1 Limiting Cases
Several limiting cases are worth noting.

• If TDR → 0, Cm → 0, and E → 0, the model reduces toward a comparatively stable high-trust delivery
system in which the DORA variables dominate behavior.

• If R → 0 over a long enough interval under ordinary delivery pressures, then TDR grows and realized
output decays even when nominal deployment activity remains high–a divergence that follows under
the stated debt dynamics.

• If U ≫ 1, then apparent acceleration may coexist with sharply reduced effective output due to the non-
linear amplification of failure risk, at which point additional urgency is often prescribed as a corrective
measure.

• If M < 1 for sustained periods, the model enters a degraded-output regime consistent with burnout-
prone organizational conditions, in which throughput metrics may remain superficially acceptable while
resilience and discretionary problem-solving degrade. These variables tend to be leading rather than
lagging indicators of system health, and are therefore invisible to most monitoring frameworks.

• If E and Cm are both elevated, the model predicts a coordination-fragmented state in which local
effort increases without corresponding system-level convergence, thermodynamically consistent with
maximum organizational entropy production.

7 Informal Laws of DevOps Dynamics
1. Law of Toil Conservation. In the absence of sustained remediation (R → 0) under ordinary delivery

pressures, technical debt will expand until a non-trivial fraction of lead time is consumed by rework,
caution, and operational drag.

2. Urgency-Induced Instability Principle. Increasing managerial urgency (U) may reduce apparent
delay over short intervals, but beyond a system-dependent threshold it increases fragility faster than
it increases realized output. The threshold is reliably discovered through direct experimentation.2

8 Discussion
The central claim of this paper is modest. Software delivery systems can be described usefully in terms of
speed, recovery, and failure, but not completely. Our model includes a minimal endogenous mechanism for
long-horizon degradation and repair. Any model that excludes debt accumulation, organizational volatility,
competence mismatch, and morale degradation may remain analytically tidy while failing to describe the

2These laws are most often learned by practitioners only through repeated incident exposure, we thereby formally state them
in order that they may become known through non-incidental means.



most consequential dynamics observed in practice. Such variables are often treated as anecdotal because
they are difficult to measure cleanly. Their practical effects are nevertheless large. In many engineering
organizations, the largest deviations from expected delivery behavior arise not from the formal system
architecture, but from the social system in which that architecture is developed and operated, reprioritized,
and periodically explained. The extent to which practitioners will find value in an exponentially-attenuated
integral formulation to describe the missing variables is left as an exercise for the reader.

A Illustrative Organizational Proxies
The variables introduced in the main text are conceptual and not assumed to be directly observable. In
practice, rough proxies may still be constructed:

• M : ratio of self-directed improvement work to repetitive ticket-driven toil

• U : fraction of delivery commitments carrying externally imposed date compression

• TDR: fraction of engineering effort spent on rework, brittle dependencies, legacy workaround logic,
and avoidable operational burden

• E: rate of top-down reprioritization, initiative churn, or process reversal per planning interval

• Cm: observed mismatch between role criticality and demonstrated technical judgment in decision-
bearing positions

These proxies are imperfect by construction, but they illustrate how the model’s latent variables might
be operationalized for comparative study.
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